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Nowadays, materiats are used for human demand in industry, building, [ogistics,

etc. The materials in daity tife are made of naturat and synthetic materiats. ln the

material manufacturing process, inctuding the material testing process to obtain a

material that is strong and safe to use must be considering the behavior of the material

from the test. The type of test has a lot of types (i.e., tensite test, bending test and

impact testing) to get the mechanical properties. lf the required material has more

types, checking the strength of each material witl require a tong testing time and a

waste of materials. ln this study, the prediction of the flexural strength of carbon fiber

composites with epoxy resin was studied using a deep learning method. Because the

deep tearning method has high accuracy in data analysis. The input data is ply

orientation, manufacturing, width, thickness and percentage of graphite fitter to obtain

the data out is the flexurat strength. This prediction is validated by deep learning

methods from IvIATLAB programs. The prediction resutt is compared with the result

from the experiment for checking the accurary of the prediction data. Once the

flexural strength was compared with the experimentat, the vatues of MSE and R2 were

analyzed. The flexural strength prediction resutts based on the IvISE and R2 values of

alt data were 0.003039 and 0.95274, respectively. lndicating that the flexural strength

prediction had a low predictive error and predictive good accuracy. The program by

using the deep learning method to the prediction of this research can be used to

predict the flexural strength of carbon fiber composite with the input data boundary

as in this research by deep learning
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