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UNARGENTNBINgY

Statistics analysis is the stadlard (ool for model development based on reaction between
variables from experiments. Neural network (NNs) has been applied Lo solving problem in many
disciplines including food technology. NNs developed idea from study of how brain and neural
system work. In addition, it was believed that the results were good or better than basic statistics
technique if the relaticnship was non lincar,

NNs was applied for determine the critical concentration (C*) of B-g]ucan concentration iy 7

buffer systems. The results showed that there were better correlations from: using new data set.
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neural network model

Buffer condition | B-glucan Criokd) Crinewdi0 | T (old) r (ne.w)
concentration (mg/ml) {mg/m#
{mg/mt)
High ethancl 1.00 0.6465 0.64479167 | 0.968 0.96695
Low ethanol 200 0.2721 0.26659924 | 0.842 0.9757
Control 3.00 0.3192 0.32540354 | 0.912 0.9562
High maltose 4.00 0.2134 0.24972431 | 0.924 0.96825
Low mallose 5.00 0.305 0.31118774 | 0.81 0.95945
Low pH 600 0.3045 0.40107849 | 0.865 0.98305
High pH 700 0.305 0.31503500 | 0.804 0.96826
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