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Abstract

A human face detection system is one of computdmialogy for interaction between
human and computers. It is necessary for computersnost of the time, be capable of
knowing human location. Human detection and traghias always been an active field of
study and development. Face detection is one afdaheplicated area of research due to wide
variations of human faces including physical suet human nationality, location, poses and
typical complex surroundings. Nowadays, many fagtection researches have been proposed
in which many of them have already been availableeal-world applications. This research
presents a human face detection using adaptivenaase theory neural network for
classification. The system transforms face images a principal component analysis which
provides an appropriate representation of the ifaege. This transformed image has smaller
size and gives a compact form of human faces. dltosvs the network to efficiently classify
face images. Moreover the network's unique abitifylearning new pattern while still
maintaining the previous ones makes the face detesystem more preferable. In learning
phase, the network parameters has been optimized genetic algorithm in order to ensure
maximum efficiency of classification. The propossdtem shows desirable results which can

be improved to achieve better performance throbglptocess of learning
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