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Abstract

Genetic algorithm is a searching method based on two natural processes: selections and genetics, It is
considered as an evolutionary computation which has been proved to be a very powerful optimization
method in an artificial intelligence area of interest. There have been various researches and
applications of genetic algorithm covering in most fields of studies. This article introduces the genetic
algorithm in details including its fundamental elements and structures, procedures, properties and
advantages.
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Figure 1. GA cycle.
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Figure 2. Simple GA process in real-world system.
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Figure 3. System solution in GA system and
real-world system.
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Figure 7. Fitness values of each chromosome
in Roulette Wheel selection.
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